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Existing Frameworks
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Kocsis Enzenberger and Miiller
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Existing Frameworks
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Gomba Search Framework
(Go Multi-Armed Bandit Analysis)

Fast

Scalable

Multiple Metrics

Tweakable Trees

Swappable Search Strategies
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Application to Search Algorithms



Many-Armed Bandit Solutions
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Optimal arm choice rate

Average difficulty
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(Kocsis and Szepesvari, 20006)
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Optimal arm choice rate

Average difficulty

UCT-FPU

(Hartland et al., 20006)

UCT with First Play Urgency
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Infinitely-Armed Bandit Solutions




Infinite-Armed Bandit Solutions
Adapting to Trees

K-Falilure ...for trees

UCB-V (o0) UCT-V (o)

SRRV UCT-V (o0) AIR

(Wang, Audibert, and Munos, 2006)



Search Algorithm Win Rate
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UCT-V (o0)




UCT-V (o) with AIR




UCT-V (o) with AIR: Gomba

Search Algorithm Win Rate
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In Fuego

Win % vs GnuGo
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Wrapping Up

* Fast

« Scalable
 Reasonably accurate
« Simple

* Interchangeable

Infinite Bandit-Based Solutions

* Improvement




Questions?



» Kocsis Levente
« Sarkozy Gabor
» Stanley Selkow

 Benczur Andras
Recski Gabor
Zséder Attila
Kornai Andras

« Erdélyi Miklos



